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Abstract
This paper presents theoretical and numerical results for the performance of a multiprocessor
network modeled as a ring and as a toroidal square lattice of nodes with local processors that
generate messages for output ports/buffers. The output buffers are assumed to have infinite
capacity and service time is deterministic. Two models are considered. One assumes that
every processor generates messages with rate λ per time slot and per output port/buffer. The
other model considers that the generation rate of a node depends on the intensity of the flow
of arriving messages. Explicit expressions for the distribution of queue lengths, the average
number of messages in the buffers, the average latency and the critical network load
depending on distance between the source and the destination are obtained. Simulation
results show excellent agreement with theoretical predictions based on the assumption of
independent queues.
1. Introduction
Modern massively parallel computers are characterized by a scalable architecture. These
computers offer corresponding gains in performance as the number of processors is
increased. Such computers often consist of self-contained processing nodes, with associated
memory and other supporting devices. This design approach has many advantages. The
repetition of identical components leads to scalability, modularity, greater reliability, and
opportunities for fault tolerance. However, parallel computing in such systems requires
extensive communications between otherwise independent nodes so that data and instructions
are redistributed periodically to keep all processors busy performing useful tasks. Because
memory is not shared between node processors, interprocessor communications are achieved
by passing messages between nodes through a communications network. This network is
implemented as a set of interconnected routers, each connected to its local processor. Several
of the most advanced supercomputers, such as Sequala (BlueGene/Q , IBM), Titan (Cray
XK7), and Trinity(Cray Xc40), have a multy-dimensional toroidal interprocessor network
topology. This implementation of a network reduces the path length between nodes and
simplifies routing algorithms for static or dynamic routing.
Many papers (see, e.g., [1, 20]) have been devoted to analyzing computer communication
networks as networks of queues. The first most important result was obtained by Jackson. In
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[3], published in 1963, he proved that for an open network of single-server queues with
exponential arrival/departure rates “the equilibrium joint probability distribution of queue
lengths is identical with what would be obtained by pretending that each individual service
center is a separate queuing system independent of the others” (p.132). Subsequently,
Gordon and Newell [4], and Buzen [5] have shown that the state distribution for the
M=M=m queuing network has a product form for the first-come-first-served (FCFS) queuing
discipline. (The M=M=m queuing network consists of nodes that have a Poisson flow of
incoming messages, exponential distribution of service time, and m servers.) The Baskett,
Chandy, Muntz, and Palacios (BCMP) theorem [6] extends this property of the state
distribution for cases where the service rate is not necessarily exponential, but has a
distribution with a rational Laplace transform, and the queuing discipline is one of the
following four cases: FCFS, processor sharing (PS), infinite server (IS), or last-comefirstserved (LCFS). For FCFS, the service time distribution must be a negative exponential.
Subsequently [7-9], three other classes of networks with exponential service times have been
shown to have product form distributions. Networks with this property have been analyzed
further in [10-14]. Recently, efforts of many researches focused on critical phenomena in
computer communication networks [21-31]. Congestion and other phase transitions were
observed and analogies with statistical mechanics were considered.
This paper presents a model of a multiprocessor network in the form of a ring and a 2dimensional toroidal (wrapped-around) square lattice. The operation of the network is
presented as a sequence of discrete time intervals (clock cycles). The specific features of the
model are different from those considered in the literature. In particular, the service time is
deterministic and, hence, does not have a rational Laplace transform. We obtain theoretical
and numerical (simulation) results for the performance of the model. The theory is based on
the assumption of independent queues. The distributions of the number of messages in each
queue and of the latency (the time elapsed between message generation and its arrival to the
destination), as well as the average size of the queue and the expected value of the latency as
functions of the network load are obtained. The results show remarkably close agreement
between the theory and simulation that demonstrates the validity of the independent queues
hypothesis.
2. The model
2.1. One-dimensional case: ring topology
Each node in our model consists of a local processor, a router, and buffers of infinite
capacity. In one-dimensional case each node is connected to two neighbors: the left one and
the right one, and, respectively, has two output ports/buffers. The following conventions are
made in the model.
1) At any clock cycle a message intended for each of the output ports can be generated by
the local processor at every node, independently of others, with a constant probability .
2) All messages are to be sent to a destination at distance exactly l hops from the source.
(The distance between neighbors is equal to one hop.)
3) Any message generated at the node or arriving from a neighboring node is place
immediately in the output buffer in the direction of the shortest path to the destination.
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4) At any clock cycle, if a buffer is not empty, exactly one message is transferred to the
neighboring node, and it appears at that node at the next clock cycle. Thus, the service
time is equal to one clock cycle.
5) If there are more than one message in the buffer, a message to be transferred is chosen at
random with equal probabilities (the so called SIRO (service-in-random-order) queueing
discipline).
6) At the time (clock cycle) when a message reaches its destination, it is immediately
consumed and leaves the network.
2.2. Two-dimensional case: torus
In the two-dimensional case each node has four neighbors and, correspondingly, four output
ports/buffers. In addition to the conventions listed in section 2.1 the following rules are
accepted.
1) At any clock cycle a message intended for each of the output ports is generated
independently at every node with probability λ.
2) Each of 4l destinations at distance l from the source has the same probability to receive a
message.
3) If there is a choice between intermediate nodes on a shortest path to the destination, each
of them is chosen with probability ½.
4) Two different queueing disciplines are considered:
SIRO and the priority discipline in which a newly generated message is sent first (newfirst-order, or NFO).
It is seen that our system differs from networks for which the product form of the limiting
state probabilities was proved earlier in a number of characteristics.
1. Time is discrete, and arrivals occur with specific probabilities, depending on the distance
l (non-Poisson and non-binomial), as given below by (12).
2. We consider both SIRO and NFO queueing disciplines.
3. The service time is deterministic and does not belong to the class of service time
distributions with rational Laplace transforms.
In general, our choice of models was dictated by two opposite considerations. On one hand,
the models are supposed to reflect some important features of the real-life situation. In
particular, the assumption of the deterministic service time is quite natural for homogeneous
messages of the same volume. This case is interesting for being researched, since it does not
satisfy the conditions for which Jackson theorem is proved. On the other hand, the model
should be simple enough to allow a full-fledged theoretical analysis that would reveal
fundamental properties of the communication process in the network, in the most general
closed form as functions of the parameters of the process. (In particular, it was important to
fix the distance between the source and destination as one of such parameters). Of couse, this
task cannot be accomplished by computer simulation.
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3. Theoretical analysis
3.1. The ring
We consider the time evolution of the queue at each node buffer as a Markov chain where the
next state depends on the present state of the buffer, while assuming the steady- state
probability distribution for states of all other buffers. This approach is similar to the “mean
field theory” in statistical physics. Our goal is to obtain explicit analytical expression for the
distribution of the number of messages in a buffer at the steady state (equilibrium) of the
network, as it depends on the load λ, and to determine the critical value of the load that
results in saturation.
Let us call the grade of a message the number k of hops the message has made towards the
destination. For the chosen value of the parameter l, there exist messages of l different grades
in the system: k = 0,1,…, l - 1, since the messages of grade l disappear from the system. Note
that a message of grade k that leaves a node appears at the next node as a message of grade
k+1. The state of a buffer can be described as a vector (n0, n1,…, nl-1) where nk is the number
of messages of grade k. Denote the limiting (steady-state probabilities) of a state by p(n0,
n1,…, nl-1). Denote
l −1

∑ nk = n.

(1)

k =0

According to SIRO discipline, the probability that a message of grade k will be transferred is
equal to nk /n. Under the steady-state condition, at any clock cycle, the expected number of
messages generated at a node should be equal to the expected number of messages of grade 0
that leave the queue. On the other hand, these messages have grade 1 when they enter the
next node, and their expected number is equal to the expected number of the messages of
grade 1 that leave the next node, and so on. Therefore,
∞

∞
n
n
n0
n
p ( n0 , n1 ,K , nl −1 ) = ∑ ∑ K ∑ 1 p ( n0 , n1 ,K, nl −1 ) = ...
n =1 n0 = 0
nl −1= 0 n
n =1 n0 = 0
n l −1= 0 n
∞
n
n
n
= ∑ ∑ K ∑ l −1 p ( n0 , n1 ,K , nl −1 ).
n =1 n0 = 0
nl −1= 0 n
n

λ =∑ ∑K

n

∑

(2)

Since exactly one message is transferred from any state except the zero state it follows from
(2) that
l −1 ∞

n

n

nk
p(n0 , n1,K, nl −1) = lλ = 1 − p(0,0,..,0) .
nl −1=0 n

∑∑ ∑ K ∑
k =0 n=1 n0 =0

(3)

Hence,
p(0,0,…,0) = 1- lλ .
It can be shown that the limiting probabilities of all states with the same total number n of
messages of all grades are equal:
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(4)

p (n0 , n1 ,.., nl −1 ) =

m!(l − 1)!
P (n),
( m + l − 1)!

(5)

where n is given by (1), ( m + l − 1)! is the number of different states with n messages, and
m!(l − 1)!
P(n) is the total probability of all states with n messages.
After simplification, the balance equations for the limiting probabilities are
P (0) = (1 − λ )(1 − (l − 1)λ )(P (0) + P(1) ),
P (1) = ((1 − λ )(l − 1)λ + λ (1 − (l − 1)λ ) )(P(0) + P (1) ) + (1 − λ )(1 − (l − 1)λ ) P (2),

(6)

P (2) = λ2 (l − 1)(P (0) + P (1) ) + λ (1 − (l − 1)λ ) P ( 2) + (1 − λ )(1 − (l − 1)λ ) P (3),
l −1
 1 − λ (l − 1)(1 − 2λ )

(1 − P(0) )P(n − 1) + (1 − λ ) 1 + l − 1 P(0)  P(n + 1),
P (0)  P (n) = λ
+

l
l
l
l


l

for n ≥ 3

where P(0) = p(0,0,..,0) is given by (4).
Solving the system of equations (6) we obtain:


1
P(1) = (1 − lλ ) 
− 1,
 (1 − λ )(1 + λ − lλ ) 
λ2 ( n−1) (l − 1) n−1
P(n) = (1 − lλ )
,
(1 − λ ) n (1 + λ − lλ ) n

(7)
for n ≥ 2.

Hence, the distribution of the size of the queue is geometric starting with n =2.
Finally, the average number of messages in a queue is
∞

n = ∑ nP(n) =
n =1

λ2 (l − 1)
+ lλ .
1 − lλ

(8)

It follows that the critical load is
λcrit =

1
l

(10)

and the critical exponent at (8) and (9) is equal to 1.
3.2. The torus
It is shown that in the two-dimensional case, alike the ring case, the limiting probabilities of
all states with the same total number n of messages of all grades are equal. Therefore, the
equations for limiting probabilities can be written in terms of P(n), where n is the total
numbers of messages in the buffer. However, an important difference between 1-dim and 2dim cases is that, while in the Markov chain for 1-dim case there are transitions from a state
with n messages only to states with n − 1, n, and n + 1 messages n ≥ 1), in the 2-dim case
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there exist transition from a state with n messages to the states with n − 1, n, n + 1, n + 2, and
n + 3 messages (n ≥ 1). Interestingly, the balance equations for P(n) turn out to be the same
for both SIRO and NFO.
Denote by ai (i = 0,1,2,3) the probability that exactly i messages arrive to a particular buffer
from neighboring nodes during one clock cycle. It follows from the description of the model
given above that
2

 (l − 1)λ  (l − 1)λ 
a0 = 1 −
1 −
 ,
2 
4 

(l − 1)λ  (l − 1)λ   (l − 1)λ   (l − 1)λ 
a1 =
1 −
 1 −
 + 1 −
 ,
2 
2  
2  
4 
a2 =

(l − 1) 2 λ2  (l − 1)λ   (l − 1)λ 
1 − 2  + 41 − 4 ,
16
 



a3 =

(l − 1)3 λ3
.
32

(11)

Since a message intended for this buffer can be also generated independently with probability
λ by local processor, the probability of the total number of arrivals being equal i is
λai −1 + (1 − λ )ai
Here a-1 = a4 = 0.

(12)

(i = 0,1,2,3,4).

Then, after simplification, the balance equations for each buffer can be written as follows:
P (0) = 1 − lλ ,
P (1) = ((1 − λ )a1 + λa0 )(P (0) + P (1) ) + (1 − λ )a0 P (2),
P( 2) = ((1 − λ )a2 + λa1 )(P (0) + P (1) ) + ((1 − λ ) a1 + λa0 )P( 2) + (1 − λ ) a0 P (3),

(13)

P(3) = ((1 − λ )a3 + λa2 )(P(0) + P(1) ) + ((1 − λ )a2 + λa1 )P (2) + ((1 − λ ) a1 + λa0 )P(3)
+ (1 − λ ) a0 P (4),
P( 4) = λa3 (P(0) + P (1) ) + ((1 − λ )a3 + λa2 )P( 2) + ((1 − λ )a2 + λa1 )P(3)
+ ((1 − λ )a1 + λa0 )P (4) + (1 − λ )a0 P(5),
(1 − λ ) a0 P (n + 1) = λa3 P ( n − 2) + (λa2 + a3 ) P ( n − 1) + (λa1 + a2 + a3 ) P ( n ),

( n ≥ 5).

The characteristic equation is cubic:
(1 − λ ) a0 x 3 − (λa1 + a2 + a3 ) x 2 − (λa2 + a3 ) x − λa3 = 0.

(14)

The general solution of system (13) has a form
P (n) = Ax1n + Bx2n + B* x3n , n ≥ 5,

(15)

where A, B, and B* are functions of λ and l; A is real, while B and B* are complex conjugate;
x1 is the real root of equation (15), and x2, x3 are two complex conjugate roots of the
characteristic equation. In particular,
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32
P (1) = (1 − lλ )
− 1.
2
 (1 − λ )(2 − (l − 1)λ )(4 − (l − 1)λ )


Explicit expressions for larger n are too complex to be written here. However, with some
technical contrivances, we have been able to obtain rather simple explicit expressions for the
average number  of messages in the buffer, and the average latency τ:
λ2 (l − 1)(11 + 5l )
+ lλ ,
16(1 − lλ )
λ (l − 1)(11 + 5l )
τ=
+ l.
16(1 − lλ )
n=

(16)
(17)

Again, the saturation point is
λcrit =

1
l

(18)

and the critical exponent is equal to 1.
4. Simulation
4.1. The ring
The simulations have been done for rings of length 8 and 16 for several values of l starting
with l = 2. After achieving the steady
steady-state
state regime, the simulation was run for about 50,000
clock cycles at 64 and 256 nodes.
The probability distribution of the number of messages (queue length) n for l = 2 and nearcritical message generation rate is shown in Figure 1. The inverse value 1n of the average
number of messages as a function of the load λ is shown in Figure 2. Figure 3 shows he
inverse values of the latency 1τ .

Figure 1.. Probability distribution of the queue length; l = 2, λ = 0.45, ring length: 8 nodes.
Solid line: predicted theoretical values; circl
circles: numerical simulation resul.
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Figure 2. The inverse length of the queue for l=2. Solid line: theoretical values given by (8);
numerical simulation results for ring length 8 and 16 are shown by crosses and circles,
respectively.
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Figure 3. The inverse latency as a function the network load, l=2. Solid line: theoretical
values given by (9); numerical simulation results for ring lengths 8 and 16 are shown by
crosses and circles, respectively.
4.2. The torus
The simulations have been done for 16×16 toroidal square lattice for distances l = 2 and l = 5.
The total number of 256×4 buffers have been observed at 15,000 points in time with intervals
starting with 10 and up to 400 clock cycles to guarantee the independence of the samples.
Sufficient time was allowed for the network to come to the steady
steady-state
ate regime before
samples were taken.
The probability distribution of the number of messages  in one buffer is given in Figure 4.
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Figure 4. Probability distribution of the queue length; l = 5, λ = 0.199, torus size: 256 nodes.
Solid line: predicted theoretical values; crosses: numerical simulation results.
Figure 5 shows the inverse value of the average number of messages 1 n , as a function of
the load λ. The standard deviations of the mean values have been calculated, but because of
the large samplings size, they are too small to be shown in the plot.

Figure 5. The inverse length of the queue for l=5. Solid line: theoretical values given by
(16); numerical simulation results for torus of 256 nodes are shown by crosses.
Figure 6 shows the inverse values of the latency

1

τ

.
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Figure 6. The inverse average latency as a function of load λ for l=5. Solid line: theoretical
values given by (17); numerical simulation results for a 16×16 torus are shown by crosses.
5. Discussion of results
The obtained results show an excellent agreement between the theory and numerical
experiments. Thus, the presented theoretical model of the network as a system of
independent queues provides a very accurate prediction of the network behavior. This fact is
remarkable, since, as pointed out in Sec. 2, our system have properties different from those
for which the product form of the state probability distribution has been proved.
The saturationn phenomenon in 11-dim and 2-dim
dim interconnection networks is shown to be a
phase transition with a critical exponent equal to 1. From the standpoint of statistical physics,
this means that the mean field theory is exact for the types of networks considered. In
contract with physical systems where critical phenomena are observed only in the
“thermodynamic limit”, the saturation in networks occurs for finite systems and, moreover,
the characteristics of the network performance seemingly do not depend on the size
si the
system provided that the distance l is smaller than the maximum distance between nodes. It is
seen that in both 1-dim
dim and 22-dim cases the pase transition is continuous (of the second
order). The
he critical load is inversely proportional to the distanc
distancee between the source and the
destination. This fact is not surprising, since the utilization of every link in the network (the
fraction of time when the link is busy) is

ρ = 1 − P ( 0 ) = lλ .

(19)

Also, the analysis shows that tthe choice of the queueing discipline
ne has no effect on the
network behavior.

6. Conclusion and future work
The results of the paper demonstrate the existence of a deep analogy between phenomena in
communication networks and in systems studied by statistical ph
physics.
ysics. It opens a prospect for
the development of a consistent physical theory of computer communication systems that
would be able to employ the powerful and well
well-developed
developed apparatus of statistical physics for
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the analysis and control of the processes in communication networks. The other possible
extension of our research is application of a similar approach to other network topologies,
sets of parameters, queueing disciplines, etc.

Acknowledgement
The authors are thankful to the reviewers of the paper whose remarks have led to a number of
improvements.

References
[1]
Kleinrock, L. (1975). Queueing Systems Volume I: Theory. New York: Wiley.
[2]
Kleinrock, L. (1976). Queueing Systems Volume II: Com. Applications. New York:
Wiley,
[3]
Jackson, P. (1963). Job shop like queueing systems. Management Sci., vol. 10, no. 1,
131 – 142.
[4]
Gordon, W. J. and Newell, G. F. (1967). Closed queueing systems with exponential
servers. Oper. Res., vol. 15, 254-265.
[5]
Buzen, J. P. (1973). Computational algorithms for closed queueing networks with
exponential servers. Commun. ACM, vol. 16, no. 9, 527-531.
[6]
Baskett, F., Chandy, K. M., Muntz, R. R., and Palacios, F. G.. (1975). Open, closed,
and mixed networks of queues with different classes of customers. J. ACM, vol. 22,
no. 2, 248-260.
[7]
J. P. Spirn. (1979). Queueing networks with random selection for service. IEEE
Trans. Software Eng., vol. SE-5, 287-289.
[8]
A. S. Noetzel. (1979). A generalized queueing discipline for product form network
solution. J. ACM, vol. 26, no. 4, 779-793.
[9]
K. M. Chandy and J. Martin. (1983). A characterization of product form queueing
networks. J. ACM, vol. 30, no. 2, 286-299.
[10] Reiser, M. (1979). Mean Value Analysis fo Queueing Networks - A New Look at an
Old Problem. In Proceedings of the Third International Symposium on Modelling and
Performance Evaluation of Computer Systems: Performance of Computer Systems,
M. Arató, A. Butrimenko, and Erol Gelenbe (Eds.). North-Holland Publishing Co.,
Amsterdam, The Netherlands, The Netherlands, 63-77.
[11] Reiser, M. and Lavenberg, S. S. (1980). Mean value analysis of closed multichain
queueing networks. J. ACM, vol. 27, no. 2, 313-322.
[12] Reiser, M. (1981). Mean value analysis and convolution method for queueing
dependent servers in closed queueing networks. Perform. Eval., vol. I, no. 1, 7-18.
[13] Sauer, C. H. and Chandy, K. M. (1981). Computer Systems Performance Modeling.
Englewood Cliffs, NJ: Prentice-Hall.
[14] Akyildiz, I.F., Sieber, A. (1988). Approximate analysis of load dependent general
queueing networks. IEEE Transactions on Software Engineering , vol.14, no. 11,
1537-1545.
[15] Nikitin, N. and Cortadella, J. (2009). A performance analytical model for Networkon-Chip with constant service time routers. In Proceedings of the 2009 International
Conference on Computer-Aided Design (ICCAD '09). ACM, New York, NY, USA,
571-578.
DOI=10.1145/1687399.1687506 http://doi.acm.org/10.1145/1687399.1687506
Proceedings of the 2016 IAJC-ISAM Joint International Conference
ISBN 978-1-60643-379-9

[16]

[17]

[18]

[19]

[20]

[21]

[22]

[23]

[24]

[25]

[26]
[27]

[28]

Fischer, E., Fehske, A., Fettweis, G.P. (2012). A flexible analytic model for the
design space exploration of many-core network-on-chips based on queueing theory.
In SIMUL 2012, The Fourth International Conference on Advances in System
Simulation, 119-124.
Zhang, Youhui, Xiaoguo Dong, Siqing Gan, and Weimin Zheng. (2012). A
Performance Model for Network-on-Chip Wormhole Routers. Journal of
Computers 7, no. 1, 76-84.
Kiasari, A. E., Lu, Z. and Jantsch, A. (2013). An analytical latency model for
networks-on chip. IEEETrans. Very Large Scale (VLSI) Syst., vol. 21, no. 1, 113 123.
Qiu, Tie, Lin Feng, Feng Xia, Wu Guowei, and Yu Zhou. (2011). A packet buffer
evaluation method exploiting queueing theory for wireless sensor networks.
Computer Science and Information Systems/ComSIS 8, no. 4, 1027-1049.
Nagendrappa, T. Muddenahalli, F. Takawira. (2013). Queuing analysis of distributed
and receiver-oriented sensor networks: distributed DS-CDMA-based medium access
control protocol for wireless sensor networks. IET Wireless Sensor Systems 3.1, 6979.
Dabrowski, C. (2015). Catastrophic event phenomena in communication
networks.Comput. Sci. Rev. 18, C (November 2015), 10-45.
DOI=http://dx.doi.org/10.1016/j.cosrev.2015.10.001
S. Sarkar, K. Mukherjee, A. Srivastav and A. Ray.(2009). Understanding phase
transition in communication networks to enable robust and resilient control. 2009
American Control Conference, St. Louis, MO, 1549-1554.
doi: 10.1109/ACC.2009.5159994
Sarkar, S., Mukherjee, K., Srivastav, A., and Ray, A. (2010). Critical phenomena and
finite-size scaling in communication networks. Proceedings of the 2010 American
Control Conference, Baltimore, MD, 271-276.
doi: 10.1109/ACC.2010.5530594
Sarkar, S., Mukherjee, K., Ray, A., Srivastav, A., and Wettergren, T. A.(2012).
Statistical Mechanics-Inspired Modeling of Heterogeneous Packet Transmission in
Communication Networks. IEEE Transactions on Systems, Man, and Cybernetics,
Part B (Cybernetics), vol. 42, no. 4, pp. 1083-1094.
doi: 10.1109/TSMCB.2012.2186611
Li, W., Bashan, A., Buldyrev, S. V., Stanley, H. E., & Havlin, S. (2012). Cascading
failures in interdependent lattice networks: The critical role of the length of
dependency links. Physical review letters, 108(22), 228702.
Radicchi, F., & Arenas, A. (2013). Abrupt transition in the structural formation of
interconnected networks. Nature Physics, 9(11), 717-720.
Lawniczak, A. T., Lio, P. P., Xie, S., & Xu, J. (2007, April). Study of packet traffic
fluctuations near phase transition point from free flow to congestion in data network
model. In 2007 Canadian Conference on Electrical and Computer Engineering .
IEEE. 360-363
Dabrowski, C., & Mills, K. (2016). The Influence of Realism on Congestion in
Network Simulations. NIST Technical Note 1905, 1- 62.
http://dx.doi.org/10.6028/NIST.TN.1905
Proceedings of the 2016 IAJC-ISAM Joint International Conference
ISBN 978-1-60643-379-9

[28]
[29]
[30]
[31]

Wang, D., Cai, N., Jing, Y., & Zhang, S. (2009, June). Phase transition in complex
networks. In 2009 American Control Conference. IEEE. 3310-3313
Goltsev, A. V., Dorogovtsev, S. N., & Mendes, J. F. F. (2003). Critical phenomena in
networks. Physical Review E, 67(2), 026123.
Liu, R. R., Wang, W. X., Lai, Y. C., & Wang, B. H. (2012). Cascading dynamics on
random networks: Crossover in phase transition. Physical Review E, 85(2), 026110.
Levitin, L.B., Rykalova, Y. (2015). Analysis and Simulation of Computer Networks
with Unlimited Buffers. In Al-Sakib Pathan, Muhammad Monowar, and Shafiullah
Khan (Eds.) Simulation Technologies in Networking and Communications: Selecting
the Best Tool for the Test. CRC Press 2015, 3 -30.
Print ISBN: 978-1-4822-2549-5 eBook ISBN: 978-1-4822-2550-1

Biographies
LEV LEVITIN is currently a Distinguished Professor of Engineering Science with the
Department of Electrical and Computer Engineering at Boston University, Boston, MA. He
has published over 190 papers, presentations, and patents. His research areas include
information theory; quantum communication systems; physics of computation; quantum
computing; quantum theory of measurements, mathematical linguistics; theory of complex
systems; coding theory; theory of computer hardware testing, reliable computer networks,
and bioinformatics. He is a Life Fellow of IEEE, a member of the International Academy of
Informatics and other professional societies. Prof. Levitin may be reached at levitin@bu.edu.
YELENA RYKALOVA is currently a Visiting Researcher with the Department of Electrical
and Computer Engineering at Boston University, Boston, MA and teaches at Quincy College,
Quincy, MA. Her research interests are in computer networks, in particular, in application of
concepts and models of statistical physics to the analysis of network performance. She is a
member of IEEE and the Society for Modeling and Simulation International (SCS). Since
2008 she has been active in organization and preparation for the Spring Simulation
Multiconference (SpringSim) as Technical Committee Member, Reviewer, and Publicity and
Session Chair. Dr. Rykalova may be reached at rykalova@bu.edu.

Proceedings of the 2016 IAJC-ISAM Joint International Conference
ISBN 978-1-60643-379-9

